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THE PRESCRIPTION

Five desiderata for
construct-valid
evaluation

Explicit construct definition

State exactly what the benchmark
measures — and what it does not.

Convergent validity evidence

Show p > 0.80 with other benchmarks
of the same construct.

Discriminant validity evidence

Show low correlation with benchmarks
of a different construct.

Per-construct score reporting

Publish capability profiles, not a single
composite number.

Ranking stability disclosure

Report the expected inversion rate
against related benchmarks.

What practitioners should do

¥/ Match the benchmark to your
deployment context — a support agent?
Weight t-bench. A coding assistant?
Weight SWE-bench.

X Never select models from composite
leaderboards that average across
unrelated constructs.
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